
Aesthetic Capital & Social Media
 



U C L 

<start-recap>



twitter 

                  top-using city 

                   London 
 
 



r=.350 word count	   r=.365 MaxEnt	  

 Tracking Gross Community Happiness from Tweets [CSCW]



 
social media 
environment 
sports  
health 

Royal wedding 
Spanish/Portuguese 
celebrity gossips 

Talk of the City [ICWSM]



Problem	  
Model	  (predict)	  the	  flow	  of	  people	  between	  i	  and	  j	  

	  i	  
	  j	  



What	  is	  a	  gravity	  model?	  

Tij = k
Pi
αPj

β

dij
γ

Pi

Pj

dij



build a gravity model ~ flow of passengers



	  i	  
	  j	  



gravity works: r= .72!



Hypothesis	  1	  

Where the model fails to fit well
 unexplained bit: prevailing socioeconomic factors ?



Hypothesis	  1	  

Where the model fails to fit well
 unexplained bit: prevailing socioeconomic factors ?
 We look at (gravity)Residuals



Reading	  List	  
Finger on the Pulse: Identifying Deprivation Using Transit 
Flow Analysis. CSCW 2013. 
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Q6) Top 1000 strongest edges

Using the gravity model the network is largely 
clustered according to their geography

Communication

Asia

Latin America

Middle East

The West

Edges: gravity model
Force-directed algorithm

[ Garcia-Gavilanes et al. Twitter ain’t without Frontiers, CSCW 2014]



Unique Mentions

53

Q6) Top 1000 strongest edges

Communication

[ Garcia-Gavilanes et al. Twitter ain’t without Frontiers, CSCW 2014]



5K country – country pairs
interactions

481  country – country pairs 
 with social, economic and

 cultural features

55

10 weeks

Q6)Social, economic and cult. features

Communication

Distance +
Economics + 
Social +
Cultural 

[ Garcia-Gavilanes et al. Twitter ain’t without Frontiers, CSCW 2014]
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Q5) Features

Higher accuracy at high 
communication volumes with worse 
performance as the communication 
decreases. 

The combination of features 
improves the prediction

Communication
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[ Garcia-Gavilanes et al. Twitter ain’t without Frontiers, CSCW 2014]



Reading	  List	  
Finger on the Pulse: Identifying Deprivation Using Transit 
Flow Analysis. CSCW 2013. 
 
Twitter ain't Without Frontiers. CSCW 2014. 



	  Reading	  discussion	  



Psychological  
Maps 







urbanopticon.org 



Recognizability 



Recognizability 

R = f(   !    ) 
centrality 
(exposure) 

distinctiveness 

C! D !

[MILGRAM 72] 



Recognizability 
vs 

Distinctiveness 



Recognizability 
vs 

Exposure 



Datasets 

flickr foursquare 

twitter tube 
passengers 



visibility & well-being



U C L 

<end-recap>



Aesthetic Capital: 
What Makes London Look Beautiful, Quiet, and Happy?

[cscw’14]  









A B 





1 

N 

… 

How to rank images based on partial pairwise comparisons?
 1) win-loss ratio. Mapping the Inequality of Urban Perception. PLOSONE.
 2) Wiki surveys: Open and quantifiable social data collection



1.  (r,g,b)
2.  [Park]Efficient	  use	  of	  local	  edge	  histogram	  descriptor	  

3.  SURF Speeded	  Up	  Robust	  Features	  	  



                                              colors

Beauty Quiet Happiness



1.  (r,g,b)
2.  [Park]Efficient	  use	  of	  local	  edge	  histogram	  descriptor	  

3.  SURF Speeded	  Up	  Robust	  Features	  	  





1.  (r,g,b)
2.  [Park]Efficient	  use	  of	  local	  edge	  histogram	  descriptor	  

3.  SURF Speeded	  Up	  Robust	  Features	  	  



cor(surf_features,beauty_score)	  



Visual objects



victorian & red-brick

public gardens



253 patterns of good urban design (1977)



“Cars give people wonderful freedom 
and increase their opportunities. But 
they also destroy the environment, to 
an extent so drastic that they kill all 
social life.”



cars aren’t always bad



“Isolated buildings are symptoms of 
a disconnected sick society”

“There is evidence to show that high 
buildings make people crazy”



tall buildings aren’t always bad

glassed offices

landmarks



cars L  isolated & tall buildings L  

Social capital J 

happy city 
 
 



Evidence-based Design 



Why top-down star architects
Why not bottom-up residents

Why efficiency only
Why not fit for(human) purpose

Whys meet Why nots



Why urban sociology|web
Why urban sociology+web





Emotiv (low-cost mobile EEG)
short-term excitement, frustration, 
engagement, arousal, & meditation level



. Teams of 3 people

.  Work on one of the proposed projects or on your own

.  April 27: Mid-term presentation of project results

1. Predicting urban beauty with social media
2. Mapping neighborhood data for global cities (1+ teams)
3. Mapping crowd-funding transactions across countries
4. What makes tweets from health apps engaging?
5. Analyzing tweets about nuclear disasters
 
(more info about the projects on the class page)

Class projects





Ques5ons	  


